








System baseline +reranking
BLEU 0.406 0.401
NIST 7.048 6.368
PER 0.424 0.417
TER 0.424 0.388
WER 0.500 0.481
METEOR 0.662 0.658
GTM 0.695 0.680
F1 0.699 0.709
PREC 0.708 0.745
RECL 0.690 0.676

Table 2: Official evaluation scores on eval09 obtained by pri-
mary Chinese-English baseline system vs. semi-supervised
contrastive system, truecased version.

System BLEU PER Meteor NIST
case+punc 0.41 0.42 0.66 7.05
no case+punc 0.40 0.45 0.62 7.30

Table 3: Chinese-English translation results on the IWSLT09
eval set - subset of the official evaluation scores.

previous years, several techniques that were observed to in-
crease MT performance (e.g. POS-based language models)
did not show improvements on this years tasks, possibly
due to the limitation of only using the BTEC training data.
Our main goal this year was the integration of novel semi-
supervised learning techniques, in particular semi-supervised
ranking. Results from this method are inconclusive, im-
proving some performance measures while decreasing oth-
ers. This is in contrast to earlier experiments on two previous
IWSLT data sets – further experiments need to be conducted
to determine the reason for this discrepancy.
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